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m ~ Normal (¢, ) 3)
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Bly ~ Stick (y) (10)
+ k0,
mxlao, k, 3 ~ DP (ao 1 M) (1)
g+ K
Zilzi-1.4> {7} ~ Multinomial (ﬂ'z,zt_u) (12)
niIlé, & ~ Beta (€,4) (13)
X, j\Zs, ) ~ Bernoulli (n,, ., ). (14)
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